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Multi-Class Confidence Weighted Algorithms(MCCW)
[Crammer et al. 2009]
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Multi-Class Confidence Weighted(CW)
Single Constraint (k=1)
Sequantial Constraint (k=o0)

Passive-Aggressive(PA, PA-I, PA-II)

» 10-fold Cross-Validation(3 iteration)
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ob-7-1 88.9 91.1 90.8 95.6 91.8 94.9 94.9
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(b)USPS
Data Size:7,291
Feature dimension:256
Class:10
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